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About Medinsights )

Medical expertise meets cutting-edge Al

Our Mission

Reimagining treatment development through patient-centric disease understanding

Our Foundation

Cardiometabolism

Core Expertise Proven Technology Real-World Success

* Systems biology NEXUS-Rx platform 5 completed

Neurometabolism

» Graph theory Validated in 5+ pharma/biotech

» Health economics peer-reviewed implementations

« Computational publications (
medicine

) Rare diseases
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Nexus-Rx D

Our end-to-end discovery framework

Y

ClinForecast

b

MSLreader

Commercialized applications

MuseMouse
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+ s Reventus
o;:,.--;o' Repurposing for Life
Identified and repositioned assets in 3 rare
X mitochondrial disorders with 2 potential
W best-in-class compounds
/
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connect
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UNIVERSITY HOSPITAL

NexusRx and its RAG/LLM architecture
creating the largest patient driven
Cardiometabolic twin
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Nexus Rx

L

ﬂ;“ﬂ % IPSEN * Reventus

. LX 3¢’ Repurposing for Life
ClinForecast leee

Providing directional clinical trials
Rx Finder

development recommendation in rare
diseases and oncology
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Challenges of clinical trial developmental plans @

Multiple aspects impact
phase-specific duration and cost
75% 40% 50%
Diverse phenotypic presentations
Phasel Phasell Phaselll
Rapidly evolving landscape Trials completed within estimated
time frame
Differential outcomes
55%

Clinical guidelines Regulatory submission and approval
within target time frame
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ClinForecast Y

A GenAl and ML/DL-powered pipeline

Technical implementation Key features
4 AY4 )
Fine-tuned RAG/LLM Medical Language Complex data and
Ambiguity homogenization
Entity and content level caching \ I )
4 Y4 . )
Enhanced generation Ontol.o gy qnd Scale,. eff'?'.e ney &
classification explainability
\. VAN J
‘ 01 i ‘ 02 i ‘ 03 i ‘ 04 i 05
Data RAG-LLM Hierarchical Transition Expert

ingestion classification logic ML/DL models validation
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A GenAl and ML/DL-powered pipeline

Clinical development plan : temporal and predictive outcome Added value
( N\ A N [ N
@ﬁcﬁnical Trial Phases Number of patients ﬁ Trial Status Strategic comparative
analysis
@@ J = Jits ) ‘
( ¥ | N\ ( ama \ \
::22¢  Clinical Trial Sites G Start date Sponsor Systematic enrichment
\ ¢ J \\ J \\ J
4 N 7 4 e
. Drug MoA @ End date E Primary Endpoints Cross-indication clinical
\. y J L JAN ¢ °_'

analysis
J

Number of trial sites

CDP cost factor
estimation
Primary & secondary
endpoints

Category of drugs
Average number of

patients

Classification of
pathophysiology

MoA of drugs
Estimated duration
(monthsl/years)
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Most pancreatic cancer trials fail to cross Phase 2 @

Trials b Terminated/
R0 analyzed S withdrawn

Active/ Approved for
30.7% recruiting °marketing

-
.

750

500

Low number of late phase trials
(phase 2/3 and onwards)

250
Majority of the drugs fail to cross Phase 2

‘ 12 5

11 . . . o o o
32 32 highlighting a lack of clinical benefit
e — —

EARLY  PHASE1 PHASE12 PHASE2 PHASE2/3 PHASE3  PHASE4 Early engagement from pharma/biotech
PHASE 1 in pancreatic cancer

.

/ S

Others M Industry M Academia
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Pancreatic cancer trials have low rates -
of transition to later phases

~50% of clinical trial termination in Phase 2 are due to lack of primary outcome achievements

(safety/efficacy & inclusion criteria difficulty)

® Business
decision

©® Low or slow
accrual

® Low/ No
Enroliment

@ Pland Lab
related

® Safety/Efficacy
related

21.8%

Reasons for termination of clinical trials in pancreatic
cancer Phase 2 clinical development

100

Anti IL-6R antibody

H19 promoter regulator IS 60
DNA MTase inhibitor IS 54
PD-1 inhibitor IS 50
Proteasome inhibitor IS 29
ERT IS 21
AAV mediated Gene therapy IR 18
TLR7/9 inhibitor IS 18
Anti CTLA-4 antibody IR 16
HDAC inhibitor IR 15
Multi kinase inhibitor IS 15
EGFR inhibitor IR 15
Anti PD-1 antibody 1l 9
Topoll inhibitor 1B 8
PD-1 inhibitor, HDAC inhibitor mR 6
mTOR inhibitor @ 6
DNA alkylating agent B 6
Monoclonal antibody (mAb) B 5
ADC BB 5

Tubulin inhibitor 1@ 4
0 25 50 75 100

Predicted probability of termination of clinical developmentin
Phase 2 for selected MoAs
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Clinical outcomes determine trial
duration & feasibility

Receptor tyrosine kinase inhibitors and antibodies

demonstrate higher probability of success

Anti VEGF. I 17.2
Ao 14.1

Anti PD-1 [N 6.5
antibody, HDAC I 24.2
inhibitor [ 6.5

B 2°
ADC . 09
R 46

S 72
Tubulin inhibitor TS 12.5
W 14

Anti pD-1 IS 10.5 oy
antibody B 07 .

Bcr-Abl tyrosine 38.9

kinase inhibitor

I 22.2

Mitochondrial IS 15.2
ETF-QO I, 304
inhibitor

0.0 10.0 20.0 30.0 40.0

Probability of transition to next Phase of trial
development for example MoAs

46.9

50.0

Average duration in months

200.0

150.0

100.0

50.0

Average duration of trials for clinical outcome
measurements

B PHASE4
@ PHASE3
W PHASE2
B PHASE1
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Early phases account for most of the D,
duration of pancreatic cancer clinical trials

The proof of concept phase is estimated to account for 65% of the total duration of clinical trials

Tumor Growth and Survival k3 98 159
Combination Therapy, Tumor Growth and Survival 106
Combination Therapy, Immune Profiles, Tumor Growth and Survival &t 170 46
Combination Therapy, Pain, QUALY, Radiography, Surgical Outcomes, Tumor Growth
Combination Therapy, Surgery [EE: 43 113

Radiography, Tumor Growth and Survival Rk 119

Radiography, Surgery, Tumor Growth and Survival JEX

Combination Therapy, Radiography, Surgery, Tumor Growth and Survival [ 95 44
Combination Therapy, QUALY, Radiography, Tumor Growth and Survival 116
Combination Therapy, Radiography, Tumor Growth and Survival §E{J 109 62

Surgery, Tumor Growth and Survival 158
Combination Therapy s

Combination Therapy, Molecular Biomarkers, Radiography, Tumor Growth and Survival k¥ 118
Metabolic and Nutritional Status 34
Combination Therapy, Molecular Biomarkers, Radiography, Surgery, Tumor Growth and [k 65 76
0 100 200 300 400

Duration of trials in months
® PoC = Pivotal Late

PoC = Early Phase 1, Phase 1, Phase 1/2 stages 10



300

250

200

150

100

Enrollment of patients

50
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Pivotal and late phase trials require identical @
enroliment to early phases

® rPoC Late @ Pivotal

Pivotal and Late phase trials recruit similar number of
participants, but needs longer time

PoC = Early Phase ],
Phase 1, Phase 1/2

Pivotal = Phase 2, Phase
2/3

Late = Phase 3, Phase 4

o The size of the dots relate
to the number of expert

centers engaged

400 600 800
Duration of trials in months

1000 1200
1
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Clinical endpoints determine the probability @
of therapeutic success

Histopathology-driven endpoints

Probability of meeting endpoints with the drugs

Precision oncolo e Histopathology-driven endpoints
. gy P gy-dn P ] Classic chemical drug [ NG 43
endpoints - have a low probability of therapeutic
_ microbiome, liquid outcomes Gene therapy [N 10
biopsy, e Targeted therapies, antibody, fusion Peptide therapeutic [l 810
microenvironment proteins and peptide therapies are Celltherapy [ 7.6
PY predicFed ‘to be driver; of precision Monocional anibody pe & 77
medicine in pancreatic cancer (MAD)
Fusion protein [JJJj 4.05
Oncolytic virus [JJJj 3.61
B Antibody-drug
conjugate (ADC) - 316
Covalent inhibitor [JJj 3.16
0.00 10.00  20.00
Precision oncology endpoints
Classical endpomts _ Classic chemical drug 41.8
00 QoL survival, 3 . Fusion proteins I 5
o0 progression Non specific endpoints - Peptide therapeutic NI 228
radiography, combination Antivody | 1s.¢
PY thergpy optimization, exT I >
o histopathology _
o0 Nucleotide therapy [l s5
‘. .. Cell therapy . 3.4
0 500 1000 1500 2000 0.0 100 200 300 400

- . . 12
Number of trials with primary endpoints Probability of addressing endpoints
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ClinForecast D

A game-changer in clinical development

Clinical development is time-consuming, expensive, and unpredictable.
With ClinForecast, it becomes explainable.

98% retrieval rate

Build more realistic project plans ' Reduced duration, risk
and success factors

Integrate KOL insights
Plans you can trust to hit " Learn from past failures and
your milestones design strategic workarounds

13
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Competitive advantage

Precision data, not just more data

o
/

<Precision scientific

mapping
=IQVIA
® GlobalData.
iz medidata
(} Clarivate” Groactive de-risking

Yeevda
@ octozi

Q Strategic foresight

Competitive
advantage

Indication agnostic>

14
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100% retention rate in the last 3 years @

Clients who trust our workflows

I N
= I
S BN | O Acapia
e Prarme B 0o omunex

Institutet

High client retention rates highlight
potential for expansionin
framework deliverables and

actionable insights

Under discussion

15



Business model

We implement value-based contracting and trust-based expansion
to ensure adoption, interoperability and actionability

Cost model

Subscription

Consulting reports &
dashboard

Premium pricing :
Federated learning
modules

Service types Market segment

Project or question
driven

One-time payment for
implementation and
HITL

Integration of
databases and RAG/
fine-tuned LLM

on client premises

Confidential
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Target custom segments

e Medical Affairs

e Research &
Development (R&D)
Clinical Operations
Business development
Mergers & Acquisitions

Commercial

e

S Pharma and biotech
% value chains are our
)

primary target

16
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Executive & team D

Président | Directeur Général | CEO

Experience
e Medinsights (2022- Present)

e  HTW Berlin - Visiting Lecturer (2024 - Present)
e IPSEN Pharmaceuticals (2021- 2023)
e Institut Pasteur (2014-2020)

Education 8o® Paris Biotech Santé @ g"i.veg{t,é CJ2 RePo4EU
e  Ph.D.in Systems Neuroscience (Sorbonne I; . aris e
Université) P! @' - : :"
e  Princeton University : Advanced Neuroscience EUREKAE [
eurostars™ BNP PARIBAS

S " Data Engineer, Software software
{ v intelligence Eiivee
Scientist A2

= Molecular & Structural
biology

insti T . Ew . BD
titut - and - Al/ML &
E‘ij'ﬂ“ e Dimitrije MILUNOV, R&D . M.amsh SARKAR Notioyam KHADDOUR
Ph.D. - ~ Business Developer & Strate gy
Seause  Biophysicist and Clical P

(e

tu
Bérénice GANDIT, Ph.D. SRt Daria KRASAVINA Future Junior Data
O Senior Scientist, Product Strategist - ﬂ Engineer, Software
@ sorsonn:  Systems Neuroscience Q Intern Engineer
D UnvesiTe and Molecular Biology ' Generium Business development

17
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Prof. Serge
LUQUET

Professor/researcher
at the University Paris
Cité (CNRS) who
specializes in the
brain’s control over
energy balance and
metabolism.

Scientific advisors

Dr. Franck
OURY

Institut Necker
Enfants Malades

Neurobiologist at INEM
specializing in research
of bone-derived
hormone osteocalcin
and its influence on
brain function and
memory.

Karolinska
Institutet

AR
w

Professor at the
Karolinska Institute,
specializing in
molecular basis of
cardiometabolic
diseases, including
cholesterol and
lipoprotein metabolism.

Dr. Kingsley Dr. Sandra

URAKPO

o ¢ )
[ NADDEKC

JERNSTROM

5D,

§FKTH%
g, e &
v

R > o

AR
~ w

Fellow, Faculty of Serial entrepreneur and

Pharmaceutical Medicine, biotech co-founder
Royal College of‘Physmlqps developing innovative,

(UK) with extensive experience high-risk cancer diagnostics
in drug development, medical 44 therapeutics and
affairs, and business involved in deeptech venture
development across diverse advisory roles.

therapeutic areas.
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Thank you

Our team is happy to chat and provide
more detailed information on any of the above applications

Feel free to reach out to

Soham SAHA, Ph.D., CEO and Founder
soham.saha@medinsights.fr


mailto:soham.saha@medinsights.fr

